Al Interaction Record

Model used: Claude Sonnet 5 (Anthropic), accessed via the Claude chat interface. All content below
reflects the actual conversation used to develop the submission.

Turn 1 — Initial framing

Prompt (paraphrased): the user shared the link to the CellComm “Al and Collective Intelligence” prize
page and asked for help writing a one-page project on the use of Al inside hospitals to process clinical
information (disease, diagnosis, treatment), explicitly requesting brainstorming before any drafting.

Response: Claude fetched and read both the prize page and the Round 1 Competition Guidelines page, then
flagged a fit risk — a generic “Al is useful in hospitals” pitch would read as an application note rather than a
contribution to the prize’s actual theme (collective intelligence toward comprehensive models of the human
body, or the incentive/credit/communication side of that effort). Claude proposed five possible reframings
connecting hospital data to the collective-intelligence angle (siloed case data as an untapped model layer,
rare-disease/diagnostic-error correction as a collective task, credit design for clinicians, Al as translator
between clinical and molecular models, and privacy/trust as the real bottleneck), and asked which direction
fit the user’s actual background.

Turn 2 — Narrowing the concept

Prompt (paraphrased): the user clarified the goal — a unified, collective model built from data held by
individual clinical entities, processed by a small number of independent (not fully centralized) centers, made
available for diagnosis and research. The user named two core concerns: patient privacy, and the hetero-
geneity of clinical data formats (including non-digitized paper records), noting that imposing a standard
format is impractical and that this is where a flexible AI model comes in.

Response: Claude organized this into an architecture discussion — governance of the multi-center design
(selection, avoiding a new form of centralization, competing vs. partitioned roles), two distinct privacy
problems (identity removal vs. data leaving the institution, recommending federated learning as the stronger
fit for the second), and the Al ingestion layer for heterogeneous/paper records. Claude raised open questions:
how extraction accuracy is validated without added clinician burden, and the fact that diagnosis-use and
research-use likely have different latency/reliability requirements. Claude also flagged that one page could
not deeply cover both the architecture and the technical ingestion problem, and asked which should be
primary.

Turn 3 — Technical pipeline and incentive mechanism

Prompt (paraphrased): the user specified that AI’s main role is to reduce the data-building effort for
medical staff, described a three-stage training pipeline (train on already-digitized data first to build ro-
bust statistics; OCR/digitize the remaining analog data; then use the stage-1 model to correct or flag miss-
ing/corrupted information in the newly digitized data), suggested rollout by medical department/specialty,
proposed a freely accessible database with quality checks, and introduced the idea of clinicians scoring the
archive entries they use as a low-effort quality mechanism. The user also raised the need for legal protection
of the data (profitability, copyright) and confirmed federated learning for privacy.

Response: Claude named the pipeline explicitly as a bootstrapped/self-training correction approach for
credibility, and flagged one substantive risk to acknowledge rather than solve: institutions with fully digi-
tized records are not a random sample of clinical practice, so biases learned in stage 1 could propagate when
“correcting” stage-2 data. Claude endorsed the department-level rollout as matching the guidelines’ own
suggestion to identify gaps within a sub-field. Claude highlighted the clinician-scoring idea as the strongest
answer to the prize’s explicit interest in credit/incentive design, and suggested extending it to also route



credit back to the original data contributor, not just judge archive quality. Claude noted the legal-protection
point should be framed as an open problem for legal/policy scholars rather than resolved technically, and
pointed out one gap — the claim that the archive “links to current research” needed at least one sentence on
mechanism (proposed embedding-based matching to literature).

Turn 4 — Drafting

Prompt: the user asked Claude to write the one-page project using the above discussion, and to produce
this Al-interaction record alongside it, initially as Word documents, then in ISTEX.

Response: Claude produced the one-page project document (“A Federated, Al-Curated Clinical Knowl-
edge Archive for Diagnosis and Research”) and this record, first as . docx files and then as I&TEX sources
compiled to PDE.

Assessment of what helped

Reading the actual prize and guidelines pages before brainstorming was the most useful step — it surfaced
that the prize rewards ideas tied to collective-intelligence dynamics (incentives, credit, cross-institution
integration), not just any beneficial application of Al, which reshaped the project from a generic pitch into
one built around a specific integration/incentive problem. Having Claude push back on scope (flagging that
one page could not carry deep treatment of both governance and the technical pipeline) helped keep the final
draft focused rather than diluted.

Assessment of what didn’t help / limits

Claude’s early five-option brainstorm was broad and required the user to already have a clear underlying
idea to select and sharpen from; it did not generate the core architecture itself. The specific technical design
(the three-stage bootstrapped pipeline, the multi-center governance structure, the clinician-scoring incentive)
originated with the user; Claude’s contribution was mainly structuring, stress-testing (the digitization-bias
risk, the credit-routing extension, the mechanism gap for literature-linking), and connecting the proposal
back to the prize’s stated criteria.



